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Mitigating implicit racial bias in tipping: when direct and indirect

experience matters

Purpose Academic research has supported the belief that consumers undertip minority race
service workers due to implicit racial biases. However, there has been less focus in
examining possible moderating factors. This paper fills this gap by analyzing the role of
direct and indirect experience in tipping frontline service workers from a minority
background. Given the prominence of customer ratings on digital service platforms and the
perception that African-Americans are discriminated against, we look at the interplay of
interaction length (direct experience) and customer ratings (indirect experience) on the

relationship between race and tipping.

Design/methodology/approach An expectancy disconfirmation framework was developed
and tested with a sample of 360 US participants in an online experiment. The experiment
followed a 2 x (race: African-American versus Caucasian) x 2 (direct experience: limited
versus extensive) x 3 (indirect experience: absent versus positive versus negative customer
rating) design.

Findings We found consumers who have extended direct experience (longer service
interaction) and no indirect experience (absent customer ratings) tipped African-Americans
more than Caucasians. Interestingly, this effect is reduced in the presence of indirect
experience (customer ratings). Lastly, where the consumer lacks direct experience (shorter
service interaction) but is exposed to positive indirect experience (positive customer ratings),

consumers tip African-Americans more.

Originality/value This is the first paper that examines the role of direct and indirect

experience in the relationship between race and tipping. Based on our findings, we provide



several contributions, including recommendations to reduce inequalities arising from implicit

racial bias on digital service platforms.

Introduction

Digital service platforms such as Uber, Airbnb and Didi are increasingly adding
customer ratings and tipping functionality to their apps (Hawkins, 2017). While these
changes have largely benefitted consumers, service workers are exposed (e.g., in terms of
customer ratings) and dependent (e.g., in terms of tipping facilities), particularly exacerbating
minority workers' vulnerabilities (Edelman, 2014; Rosenblat et al., 2017). For instance, as
recent as 2017, it was reported that Airbnb guest applications were 16% less likely to be
accepted for African Americans (Edelman, 2017). Further, the widely held belief amongst
Uber drivers that the rating system is ‘racially-biased’ led to a discrimination lawsuit against
Uber in 2020 (Kerr, 2020), with the company also acknowledging that African-American
drivers get short-changed in tips (Brustein, 2016). While some platforms have made efforts to
manage discrimination (Kerr, 2020), indicating the managerial and societal relevance of this
issue, success has been mixed, and discrimination remains rampant (Goel et al., 2020). In
addition, the debate whether to discard tipping to eliminate discrepancies in wages for
minority service workers remains (Ferdman, 2016; The Economist, 2018) while also arousing
the interest of scholars in the field (Alexander et al., 2021; Lynn, 2018; Lynn and Kwortnik,
2015; 2020).

We offer a greater understanding of race dynamics in the U.S gig economy. Extant
literature has provided invaluable insight on the main effect of race on service outcomes (e.g.
Edelman, 2017; Ge et al., 2016; Houston, Grandey and Sawyer, 2018). For example,

empirical research supports that customers, regardless of their race, rate African-American



employees' performance more negatively than white employees', even when they deliver the
same quality of work (Roberson and Block, 2001). This effect can be attributed to implicit
racial biases (Dovidio and Gaertner, 2000), which represent an unintentional and unconscious
form of discrimination. Specifically, some scholars have focused on the effects of racial
stereotypes on consumers' tipping behavior (Ayres et al., 2005; Chandar et al., 2019; Koku,
2005; Lynn et al., 2008); however, the results are inconclusive to date. Interestingly, most of
these studies have focused on situations where the length of service interaction (a form of
direct experience) is quite limited, and indirect experience (for example, customer ratings)
are absent (Ayres et al., 2005; Lynn et al., 2008).

Lack of empirical consensus on the issue and the increasing relevance of customer
ratings on digital service environments call for further investigation to find conditions that
mitigate any negative effects deriving from frontline employees' race. We address this lack of
insight by tackling a critical research question, and namely: how do direct experience and
indirect experience affect tip amount for African-American versus Caucasian service
workers?

We tackle this question by proposing an expectancy disconfirmation framework
(Oliver, 1977), whereby consumers' tipping behavior depends on whether stereotype-based
expectations are confirmed (or disconfirmed) by the evidence gained through both direct and
indirect experience (Hoch and Ha, 1986; Tse, 2003). First, with more extended direct
experience and in the absence of indirect experience, we contend that the tension between
consumers' negative expectations and the perceived service performance will trigger
compensatory behavior that will make consumers tip African-American service providers
more than their Caucasian counterparts. Second, with more limited direct experience and in

the presence of indirect experience (e.g. customer ratings), consumers will rely on the latter



as a social norm to either negatively or positively disconfirm their expectation and guide their
behavior in line with the consensus heuristic (Axson et al., 1987). Third, with extensive direct
experience and in the presence of indirect experience, consumers' stereotype-based
expectations may be updated by other customers' ratings due to increased opportunities to
process second-hand information (Fazio and Zanna, 1981; Guan et al., 2020; Kokkinaki and
Lunt, 1997); in addition, due to a longer interaction, consumers are more likely to collect
more first-hand evidence that confirms their expectations (Hoch and Ha, 1986; Rothbart et
al., 1979). A large-scale scenario-based experiment supports our hypotheses.

Our research offers multiple contributions. Firstly, to the best of the authors'
knowledge, although previous studies focused on the role of stereotypes and implicit racial
biases in tipping (Koku, 2005; Lynn et al., 2008), we provide the first attempt to test the
synergetic effect of direct and indirect consumer experiences with minority service providers
on tipping. Furthermore, we also build on previous findings in the literature by demonstrating
that the negative impact of racial stereotypes are mitigated and even reversed in specific
service scenarios. On the whole, these insights are critical to the emerging and promising
literature on promoting social justice, equality, and reducing discrimination in service settings
(Grandley et al., 2019; Houston et al., 2018).

Secondly, we provide a series of practical implications. As the first and most important
implication, we suggest that service firms test alternatives to current tipping practices, for
example, removing tipping, pooling tips, and having a fixed tip percentage. This would
reduce the power imbalance between consumers and minority workers and address the
broader issues of 'privilege' versus 'oppressed' in society (Johnson, 2001; Pyke, 2010). We
also provide guidance on when customer ratings should be leveraged to promote equality,

that is, when service interactions with individual customers are likely to be longer. In



addition to this, we also contribute to managerial practice by empowering minority workers;
we inform them about service characteristics that amplify stereotypes and raise attention for
consumers who may reflect on potential biases.

The remainder of the article is structured as follows. We first review the literature on
stereotypes in service settings, focusing on consumer tipping practices. Next, we introduce
our expectancy disconfirmation framework, based on which we outline some scenarios of the
effect of stereotypes on tipping (direct and indirect experience) and propose formal
hypotheses. We will then discuss the methodology adopted, findings, and finally theoretical

and managerial implications.

Theoretical Background and Hypotheses Development

The Effect of Stereotypes on Evaluations and Tipping

Differences in gender, age, ethnicity, physical ability, sexual orientation, and other
qualities are widening the gap between the privileged and the oppressed in society (Johnson,
2001). Race specifically seems to be creating enormous disparities in the marketplace
(Crockett and Grier, 2021), and marketing researchers are now more than ever reporting how
racial minorities are victims of discrimination both online and offline and materially
disadvantaged due to widespread stereotypes (Poole et al., 2021).

Stereotypes are biased "beliefs about the characteristics, attributes and behaviors of
members of certain groups” (Hilton and von Hippel, 1996, p. 240). They are adopted to make
quick evaluations about others in an attempt to reduce situational complexity and save an
individual's cognitive resources (Huetten et al., 2019; Taylor, 1981). They are usually
associated with an individual's gender, physical appearance, race, ethnicity and country of

origin (Baltes and Rudolph, 2010).



The role of stereotypes has been widely acknowledged in the marketing literature and
they have been found to influence a wide array of attitudes and behaviors in several service
contexts (Baltes and Rudolph, 2010; Fiske and Taylor, 1991) and industries (Grandey et al.,
2019; Hekman et al., 2010; Huetten et al., 2019). Specifically, individuals tend to hold
general biases and pre-existing stereotypes towards frontline service employees based on
their race and other demographic or physical characteristics. These stereotypes are used to
form expectations, evaluate service encounters and even justify prejudice and biased
treatment towards minority service providers (Grandey et al., 2019).

For example, service consumers tend to rate African-American employees'
performance more negatively than white employees', even when performance is objectively
the same. For example, Bavishi et al. (2010) analyzed stereotypes that students hold of
professors before the beginning of classes and found that African-American professors were
deemed less competent, legitimate and sociable than Caucasians. Further extending on this,
Hekman et al. (2010) discovered that non-white frontline service providers received lower
aggregated customer satisfaction evaluations in both medical and retail settings regardless of
the respondent's race. Lastly, Grandey et al. (2019) showed that African-American frontline
employees tend to be evaluated less favorably than Caucasians, unless the former display
more emotional labor, in terms of warmth. The authors claim that since African-Americans
are allegedly considered loud, argumentative, threatening, aggressive, quick-tempered, and,
thus, not "warm" people, displaying emotional labor can improve judgements towards them,
upregulate positive emotions, and thus reduce racial disparities.

Overall, these studies support that racial stereotypes exist in service settings and
negatively impact consumers' judgements. These stereotypes could be a manifestation of

"Implicit racial biases” (Dovidio and Gaertner, 2000), whereby individuals discriminate



against minorities unintentionally and unconsciously rather than openly and explicitly. Thus,
racial stereotyping may go beyond just affecting one's poorer perception of frontline
employees' performance and service quality evaluation. Previous research has demonstrated
that "implicit racial biases" can come into play during tipping — the customer's voluntary
custom of giving a monetary gift to service employees who performed services for them
(Lynn and Latané, 1984; Lynn et al., 1993). For instance, some studies have suggested that
Caucasian taxi drivers received higher tips than ethnic minority taxi drivers (Ayres et al.,
2005; Chandar et al., 2019). Moreover, Lynn et al. (2008) supported these findings by
showing that both African-American and Caucasian customers discriminated against African-
American frontline service workers by tipping them less than their Caucasian counterparts;
however, Caucasian customers did so to a greater extent. Conversely, Koku (2005) revealed
that ethnicity did not influence tipping behaviors in service contexts other than hospitality
(i.e. restaurants).

To summarize, service customers may disfavour minorities like African-Americans,
which can lead to employment discrimination (Lynn and Withiam, 2008). Nevertheless, the
negative impact of racial stereotypes on tipping is not consistent in the literature to date, thus
warranting further investigation on conditions that mitigate this effect. As discussed in the
following paragraphs, we propose that tipping behavior for minority service providers
depends on the quantity and/or quality of the evidence they can gather about the customer
experience.

Customer Experience and the Role of Expectations in Tipping

Customer experience reflects customers' interaction with a firm over time across

multiple touchpoints (Lemon and Verhoef, 2016). Based on their experiences, consumers

gather proof of the quality of a service, form expectations, perceptions, attitudes and



behaviors towards the service provider (Park et al., 2017). In particular, experiences allow
customers to assess their satisfaction and perceived quality with a product and/or the service
provider (Hoch and Ha, 1986), both crucial predictors of tipping behavior (Lynn et al., 1993;
Tse, 2003). In fact, the more satisfied a consumer is with a service performance, the higher
the tip they will give the service provider.

According to expectancy disconfirmation theory (Oliver, 1977; 2014), consumer
satisfaction depends on the discrepancy between their expectations and their experience with
a service provider. Three possible outcomes may ensue: 1) confirmation of the expectations,
which occurs when expectations are met by perceptions, yielding mere satisfaction; 2)
positive disconfirmation, which occurs when expectations are lower than perceptions,
yielding high satisfaction or delight; 3) negative disconfirmation, which occurs when
expectations are higher than perceptions, yielding dissatisfaction. Previous research has
established a link between expectation disconfirmation and tipping behavior. For example,
Tse (2003) found that the tipping amount is higher for positive disconfirmation and lower for

negative disconfirmation.

Direct and Indirect Experience in Tipping Minority Service Providers

How do consumers gather information to form their expectations and perceptions
about a service experience? The literature distinguishes two modes of learning about service
experiences: direct experience, which represents a first-hand encounter with a service
provider and is, therefore, an active form of learning (Hamilton and Thompson, 2007; Hoch
and Deighton, 1989); and indirect experience, which represents a second-hand encounter with
a service provider through information provided by others (e.g., advertising, word-of-mouth,

external reviews, and customer ratings) and is a passive form of learning (Dai et al., 2019;



Fazio et al., 1978). Importantly, researchers have suggested that knowledge gained through
indirect experience can represent a tentative hypothesis that consumers tend to confirm or
disconfirm through direct experience (Hoch and Ha, 1986), relating to the expectancy
disconfirmation theory previously discussed (Oliver, 1977).

Drawing on these theories and the dichotomy between direct and indirect experience,
we contend that the effect of racial stereotypes on consumers' tipping behavior is contingent
on the quantity and quality of direct and indirect experience they are exposed to. While
previous research has shown that implicit racial stereotypes are at play when tipping, with
consumers giving lower gratuities to ethnic minority workers (Lynn et al., 2010), these
findings may be ascribed to the absence of any indirect experience and very limited direct
experience with the service provider (e.g., Ayres et al., 2005; Lynn et al., 2010). Indeed,
individuals require more evidence to change pre-conceived stereotypes (Ditto and Lopez,
1992), so limited direct experience is unlikely to disprove their expectation that a minority
ethnic service provider is up to standard, and they will undertip them due to negative
disconfirmation.

As a result, further investigation is needed to comprehend the interplay of these two variables
(direct and indirect experience) in amplifying, mitigating or reversing the negative effect of
racial stereotypes on tipping. Here we extend the existing literature by manipulating the
amount of direct experience available to consumers (limited vs extended) and the presence
and type of indirect experience (absent vs present and negative vs positive) (Table 1). Using
expectancy disconfirmation theory, each scenario leads to differences in consumers'
expectations for an African-American service worker and differences in the perceived

performance of the African-American service worker. Using the discrepancy between



expectations and perceived performance as a basis, we then formulate our hypotheses on tip
amount by scenario.

[Insert table 1 about here]

Scenario 1: Extensive Direct Experience and Absence of Indirect Experience

The first scenario describes a consumer exposed to extensive direct experience (e.g., a
longer service interaction) and no indirect experience (e.g., no customer ratings). Individuals
generally display implicit racial biases towards minority service workers, negatively affecting
their attitudes and tipping behaviors (Dovidio and Gaertner, 2000; Lynn et al., 2010).
However, when consumers have extensive direct experience, they have a better opportunity
to gather evidence and change their pre-conceived idea about a stereotype (Ditto and Lopez,
1992; Hilton and von Hippel, 1996). In this case, the expectation is set by implicit racial
biases (i.e., ethnic minority service workers will perform worse than Caucasian ones).
However, this expectation is more likely to be positively disconfirmed by one's perceptions
and evidence gathered, leading to a more positive perception of performance. Thus,
according to expectancy disconfirmation theory, we predict that when perceived performance
exceeds expectations, higher tips for ethnic minority workers will follow (Tse, 2003).
Because holding negative stereotypes is socially undesirable, the tension between social
norms and one's implicit racial biases could lead consumers to display overcompensation
behaviors and even tip ethnic minorities more than their Caucasian counterparts. Indeed,
research has found that individuals who fail to adhere to societal standards, such as holding
implicit racist attitudes and biases, are more likely to engage in prosocial or compensatory
behaviors (Tagney and Dearing, 2002; Tagney et al. 2007). For instance, Burmeister et al.

(2019) discovered that individuals develop compensatory beliefs or engage in actions to
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offset past behaviors that are socially undesirable. Similarly, Dahl et al. (2008) found that
consumers engage in compensatory behavior to make up for a negative action towards a
service provider. One of the compensatory behaviors that consumers may adopt to counteract
socially undesirable thoughts or actions is tipping (Parrett, 2006).

To summarize, in the absence of indirect experience, a consumer will tip a minority
service provider more than a Caucasian not only because their expectations are more likely to
be positively disconfirmed but also because they overcompensate for implicit biases. Hence,
we hypothesize:

H1: With extensive direct experience (i.e. longer service interaction) and in the absence of
indirect experience (i.e. customer ratings), tips for African-American service workers will be

greater than for their Caucasian counterparts.

Scenario 2: Limited Direct Experience and Presence of Indirect Experience

The second scenario occurs when a consumer has limited direct experience (e.g., a
shorter service interaction) but is exposed to either negative or positive indirect experience
(e.g., customer ratings). Similar to the previous scenario, consumers will hold the expectation
that minority workers deliver more poorly than Caucasians due to implicit racial biases.
However, because consumers have little first-hand evidence to form their own evaluation of
the frontline service worker, they will have to rely more on indirect experience (positive or
negative) to assess the service performance. In particular, for offerings that usually would
require more direct experience with the provider to be evaluated, consumers are more likely
to align their attitudes and behaviors with the evidence provided by indirect experience
(Huang et al., 2009; Park and Lee, 2009; Senecal and Nantel, 2004). In other words, under

these circumstances, consumers tend to go along with the consensus of the majority, a
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manifestation of the consensus heuristic (Axson et al., 1987) and use this as a social norm to
justify their behavior (Fogel and Zachariah, 2017; Sridhar and Srinivasan, 2012).

Depending on how positive the indirect experience is, two situations can ensue. In the
presence of negative indirect experience (e.g., low customer ratings), consumers' implicit bias
and expectation that ethnic minority service workers deliver more poorly than Caucasians are
supported by indirect experience, and negative confirmation will lead to lower tips for
minorities. Conversely, in the presence of positive indirect experience (e.g., high customer
ratings), consumers' expectations will be positively disconfirmed by indirect experience
because they are unable to find any evidence that aligns with the stereotype. This is in line
with previous research demonstrating that exposing individuals to expectancy disconfirming
information about a group may attenuate their erroneous and pre-conceived group-based
belief (Hewtstone et al., 1992; Johnson and Hewstone, 1992). For instance, akin to scenario
1, this positive disconfirmation will induce consumers to overcompensate for holding implicit
negative biases for minority service workers and tip them more than their Caucasian
equivalents. We hypothesize that:

H2a: In the presence of limited direct experience (i.e. shorter service interaction) and
negative indirect experience (i.e.negative customer ratings), tips for African-American
service workers will be lower than for their Caucasian counterparts.

H2b: In the presence of limited direct experience (i.e. shorter service interaction) and
positive indirect experience (i.e. positive customer ratings), tips for African-American service

workers will be greater than for their Caucasian counterparts.

Scenario 3: Extensive Direct Experience and Presence of Indirect Experience
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The third and final scenario describes consumers exposed to both extensive direct
experience (i.e., a longer service interaction) and indirect experience (e.g. both positive or
negative customer ratings). In this scenario, while the initial expectation of the performance
of African-Americans is likely to be marked by implicit bias, this expectation is expected to
be influenced by indirect experience in the form of customer ratings (Guan et al., 2020),
which are usually available prior to the service delivery. Extant research stipulates that
consumers tend to consider indirect experience more when they have extended direct
experience (Fazio and Zanna, 1981; Kokkinaki and Lunt, 1997). That is because 1) more
extended service interactions will lead to a higher tip amount, thus making the financial risk
greater, and 2) there is greater impact from a possible negative service experience in terms of
time spent (Rothschild, 1977). Thus, we suggest that consumers will be more likely to update
their expectations of performance in scenario 3 when compared to scenario 2. As a result,
consumers exposed to customer ratings, either positive or negative, are likely to update their
initial expectations based on the new evidence, with negative customer ratings for African-
Americans strengthening the initial negative expectation and positive customer ratings for

African-Americans reducing it.

Likewise, consumers' assessment of performance in this scenario is influenced by
how positive the indirect experience is. Scholars have demonstrated that setting an
expectation of a product may alter individuals' perceptions and attitudes (Lee et al., 2006) as
well as the saliency of product characteristics that confirm the expectation (Rothbart et al.,
1979). Similarly, more extensive direct experience may allow consumers to collect evidence
that confirms the expectation set by indirect experience (Hoch and Ha, 1986). For example, a
taxi passenger who encounters a chatty taxi driver during a long drive may perceive their

performance differently based on how positive the review of the taxi driver is. On the one
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hand, a passenger who encounters an overly chatty taxi driver with a three-star rating may
judge the experience as "irritating” given that the passenger is seeking out support for the
expectation set by the negative rating. On the other hand, an overly chatty taxi driver with
five stars is more likely to be perceived as "friendly™" as the passenger seeks out positive
confirmation of the driver's positive customer ratings. Thus, we expect that consumers will
evaluate a longer service interaction in light of the information provided by indirect
experience, leading to mere confirmation of expectations. As per expectancy disconfirmation
theory, a performance that meets expectations is unlikely to result in lower or higher tips;
therefore, we predict equal tips between the races. In other words, having customer ratings
reduces the effect of African-Americans receiving higher tips that existed in longer service
interactions in the absence of indirect experience (scenario 1). This leads to our third
hypothesis:

H3: In the presence of extensive direct experience (i.e. longer service interaction) and
indirect experience (i.e. either positive or negative customer ratings), tips for African-

American service workers will be the same as for their Caucasian counterparts.

Method

OverviewA 2 x (race: African-American versus Caucasian) x 2 (direct experience: limited
versus extensive) x 3 (indirect experience: absent versus positive versus negative) experiment
was designed. First, we chose a ride-sharing context (Uber), because of 1) the ability to
manipulate direct experience in the form of trip length and quality of indirect experience in
the form of customer (star) ratings, and 2) the increasing relevance of ride-sharing (14 million

rides completed each day for Uber alone; www.uber.com). Race was operationalized as

African-American versus Caucasian because of strong negative stereotypes for African-
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Americans service workers (Grandey et al.,, 2019). A limited direct experience was
operationalized as a 4 minute Uber trip, whereas a 60 minute trip depicted an extensive direct
experience. The latter corresponded with Uber's real-life definition of a 'long ride’ (Griswold,
2017). Positive customer ratings were operationalized as a five out of five star rating. On the
other hand, negative customer ratings were represented by a three out of five star rating given

that drivers receiving three stars are usually dropped by Uber (Paul, 2019).

Stimuli

Respondents were presented with a scenario which described that an Uber ride was
required to travel to a friend's house (i.e. either a 4 or 60 minute trip). We provided the
respondent with a picture of their driver 'Dave,’ (as is the case with a real-life Uber booking).
The picture of the driver received by the respondent differed across and within experimental
conditions: There were 3 versions of 'African-American Dave," and 3 versions of ‘Caucasian
Dave' in the study, with each respondent within a condition randomly receiving one. This was
done to minimize bias stemming from Dave's appearance, such as perceived attractiveness.
Each respondent was then given the same neutral service description. At the end of the
scenario, respondents were reminded of how long the trip took. See Appendix A for stimuli

examples, showing all versions of '‘Dave' used across the study.

Sample and measures

US Amazon M-turk respondents (N=360; Mg = 35.08; SD = 10.58; 36.7% females)
were randomly assigned to one of the conditions. Tipping was measured with the question:
"How much would you be willing to tip Dave? (percent of trip fare)"on a 8-point scale (I am
not willing to tip at all, 1-5%, 6-10%, 11-15%, 16 - 20%, 21-25%, 26-25%, over 30%). The
questionnaire ended with sociodemographic questions and an open-ended question checking
for experimental effects.

15



Results

To test the interaction between race and direct experience on tip amount (H1) and the
3-way interaction between race, direct experience, and indirect experience on tip amount (H2
and H3), we employed model 3 of Hayes' (2018) PROCESS macro with 5000 bootstrapped
samples (see table Il). This test was chosen as it allows for moderated moderation by testing
for tip amount at specific values of the two moderators. We entered race as the IV (Caucasian
= 0; African-American = 1); tip amount as the continuous DV; direct experience as a binary
moderator W (limited = 0; extensive = 1) and indirect experience as a categorical moderator

Z (none = 1; negative= 2; positive = 3).

[Insert table 11 about here]

The results for H1 show a significant two-way interaction between race and trip
length (B= 1.39, SE= 0.62, p=0.01). Specifically, for extensive direct experience (in the
absence of customer ratings), African-Americans received higher tips (M= 4.71) than
Caucasians (M= 3.9). The tip difference between the two races is significant when trips are
extensive (B= 0.81; SE= 0.44; p= 0.03) supporting H1. While not strictly related to our
hypotheses, a univariate ANOVA was run to test whether the difference in tip amount
received from drivers in going from a limited to extensive trip was significant for each race.
Interestingly, for African-American drivers, extensive direct experience makes a moderately
significant difference on tip amount (Mpis= 0.79; SE= 0.33; p= 0.1) whereas for Caucasian
drivers it does not (Mpis= -0.60; SE= 0.45; p= 0.19). Overall, these results indicate a
crossover interaction as the effect of race on tip amount is reversed depending on the amount
of direct experience. The mean tip difference from going from a limited to extensive trip is -

0.60 for Caucasians, yet it is 0.78 for African-Americans.
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H2a predicts that Caucasians receive higher tips compared to African-Americans
when direct experience is limited, and customer ratings are negative, whereas H2b expects
that African-Americans receive higher tips when direct experience is extensive, and customer
ratings are positive. To test these hypotheses, the same model that tested H1 was used, but the
moderators were flipped (these results are presented in panel B of table I1). Results show that
when direct experience is limited, the interaction of race and indirect experience is significant
(F=4.52 (2, 348); p=<0.01; one-tailed test). However, when customer ratings are negative,
there was no significant difference in tip amounts between races (f= 0.35, SE = 0.44, p=0.22;
one-tailed test), thus not supporting H2a. Contrary, the conditional effect of race on tipping
when customer ratings are positive and direct experience is limited was significant (B= 1.27,
SE = 0.43, p=<0.01; one-tailed test), supporting H2b (panel C). Figures 1 and 2 visually
display the disparity in tip amount between the races (Mafrican-American= 5.10; Mcaucasian= 3.83)
under conditions of limited direct experience and positive customer ratings, with African-

Americans receiving a substantially higher tip.

The last hypothesis stipulates that when direct experience is extensive, the mere
presence of indirect experience will result in an insignificant difference in tip amount
between the two races, irrespective of whether the customer ratings are positive or negative
(H3). Results revealed an overall significant 3-way interaction between negative customer
ratings (versus no ratings), race, and direct experience on tipping (= -1.94 SE = 0.87, p=
0.03). Specifically, when customer ratings are low, the interaction between race and direct
experience is not significant (f= -0.56, F = 0.83(1,348), p = 0.36) (panel A of table II),
supporting H3. Similarly, the results are mirrored for the interaction of positive customer
ratings (versus the absence of customer ratings), race, and direct experience. While the

overall 3-way interaction is significant (= -2.39 SE = 0.86, p=0.01), the interaction of race
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and direct experience when customer ratings are positive is not significant (B= -1.01, F =
2.85(1,348), p = 0.09). Thus, overall H3 is supported. The means for tip amount by race and
customer ratings when direct experience is extensive are as follows: negative customer
ratings - Mafrican-American= 4.00 and Mcaucasian = 4.21; positive customer ratings - Matrican-
American= 4.43 and Mcaucasian= 4.17. Refer to figures 1 and 2 for visual representations of

results.

[Insert figures 1 and 2 about here]

Lastly, while not hypothesized, our results provide some support for the negative
effect of racial stereotyping on tip amount at the 'baseline level' (i.e. limited direct
expererience in the absence of indirect experience). Caucasian drivers received higher tips
(M= 4.5) in comparison to African-Americans (M= 3.93) in the limited direct experience and
no indirect experience condition. While the direction of the tipping difference between the
races supports current research (Lynn et al., 2008) the difference was marginally significant
(p=0.10). It should also be noted that while we do not hypothesize a difference in results by
respondent race, our findings hold when tested with a sub-sample analysis of respondents
from a minority race (n=116). Therefore, the race of respondents does not appear to

significantly affect the results.

Discussion

Theoretical implications

Our study contributes to a greater understanding of race dynamics in the U.S gig
economy. The effects of racial disparities and discrimination in the marketplace have been

widely acknowledged (Crockett and Grier, 2021; Johnson, 2001; Poole et al., 2021; Roberson
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and Block, 2001). However, limited attention has been paid to the effect of discrimination on
ethnic minorities' financial wellbeing and, more importantly, mitigating stereotype effects.
Indeed, marketing researchers have been urging to investigate the role of race and social
justice in the marketplace to devise better and more inclusive policy measures (Bennett et al.,
2013; Leak et al., 2015).

We contribute to this emerging literature by casting light on the roles of direct and
indirect experience on consumers' tipping behavior of minority service providers. While
previous studies suggested that minority service providers are victims of implicit racial biases
which negatively affect consumers’ judgements and tipping behaviors (Lynn et al., 2008;
2010), they are mainly focused on racial stereotyping in the presence of limited direct (or
first-hand) experience and absence of indirect (or second-hand) experience (e.g., Ayres et al.,
2005; Lynn et al., 2010). Drawing on expectancy disconfirmation theory, we fill this gap by
analyzing the synergetic effect of these two forms of experience on tipping behavior.
Specifically, we propose that individuals tend to confirm or disconfirm their stereotype-based
expectations by collecting evidence from their direct experience (Hoch and Ha, 1986), which
affects their tipping behavior (Tse, 2003). In doing so, we do not only investigate alternative
scenarios to those already examined, but we also outline when the negative effect attributed
to racial stereotyping is mitigated or even reversed.

In particular, we identified the following scenarios. First, when individual consumers
have extended direct experience (i.e., longer service interaction) and no indirect experience
information (i.e., no customer ratings), consumers tend to tip African-American service
providers more than their Caucasian counterparts (scenario 1). This is because extended
direct experience allows individuals to collect more evidence to change pre-conceived

stereotypes (Ditto and Lopez, 1992). As a result, the tension between the expectation set by
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their implicit racial biases and social norms will trigger a compensatory behavior making
them tip African-American service providers more than their Caucasian counterparts (H1).
Second, when individual consumers have limited direct experience and are exposed to
indirect experience information (scenario 2), they will use the latter as a social norm to
confirm or disconfirm their expectations and guide their behavior following the consensus
heuristic (Axson et al., 1987). In the case of positive ratings, we found that tipping amounts
for African-American service providers were higher than for Caucasians (H2a), but no
significant difference was found for negative ratings (H2b). Finally, when consumers have
extensive direct experience and are exposed to indirect experience information, either
positive or negative (scenario 3), we find no difference in tips between the two conditions
(H3). Under these circumstances, we contend that consumers’ stereotype-based expectations
may be updated by customer ratings (Guan et al., 2020) because they have more opportunity
to consider indirect experience when they have extended direct experience (Fazio and Zanna,
1981; Kokkinaki and Lunt, 1997). Furthermore, due to the longer service interaction,
consumers have an opportunity to collect more direct evidence that confirms their
expectations (Hoch and Ha, 1986; Rothbart et al., 1979).

By considering these alternative scenarios, our study adds to several streams of
literature. On the one hand, our findings contribute to the current literature on conditions that
could mitigate the detrimental effects of consumers’ implicit racial biases and discrimination
in service settings (Grandey et al., 2019; Houston et al., 2018). We identify that exposure to
extended service interactions with the provider and to consumer reviews (regardless of how
positive they are) represents one of such conditions as it does not translate in better or worse
financial outcomes for either African-American or Caucasian service employees.

Furthermore, we reveal two conditions that reverse the negative effect of indirect racial
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biases on tipping: 1) when direct experience is extensive, and indirect experience is absent;
and 2) when direct experience is limited, and positive indirect experience is present. The
extant literature has shown that beneficial outcomes can come from positive stereotypes (e.g.
African-Americans are superior athletes) (Czopp et al., 2015; Kay et al., 2013; yet, our
findings extend this to show that negative stereotypes can also lead to better outcomes for
targets of stereotyping under certain circumstances. On the other hand, we show the
synergetic interaction effects of direct and indirect experience on behavior, which have
generally been studied separately (Gino et al., 2010) and specifically so in the tipping
domain. Although direct experience is more likely to be a stronger driver of behavior (Millar
and Millar, 1996), we show that indirect experience can attenuate the effect of direct

experience on behavior by acting as a social norm.

Managerial implications

Based on our findings, several measures can be taken. We firstly recommend service
firms experiment with alternatives to the current tipping practice. We advocate for tips being
pooled and distributed equally across service workers or a set tip percentage being set for
customers who choose to tip. A rehaul would send a positive signal, given the tainted history
tipping has in the United States, where not just racial minorities but also females have
historically been disadvantaged by the institution of tipping, which continues up to this day
(Alexander et al., 2021). Given the digitalization of tipping, our suggestions should be easy
to implement and reinstated should unforeseen negative consequences occur. Secondly, we
recommend that customer ratings be leveraged to promote equality by making them more
salient when service interactions are likely to be longer. This measure is feasible in the gig
economy as the nature of the service required is typically selected upfront (e.g., Uber

customers input their trip destination at the start of their customer journey), and customer

21



ratings currently appear after. Thirdly, we suggest that service providers who promote
indirect experience such as customer ratings should encourage extended service interactions
with individual customers where possible across all service workers regardless of race. For
example, this could be achieved by allowing customers to book round trips with the same
service provider in order to extend their service interaction. This is because our findings
revealed that in the presence of indirect experience, more extensive direct experience resulted
in similar tip amounts between races. Importantly, we do not encourage longer shifts per
worker, which may cause stress and emotional labor; rather, we suggest longer customer
interactions with individual customers within their current shift hours. Therefore, we do not
foresee any negative consequences from this recommendation, rather enhanced well-being
for service workers, especially those from a minority race, both financially (in relation to
tipping, as per our research) and psychologically (from stronger customer-employee
relationships) (Gremler and Gwinner, 2000; Price et al., 1995). We thus highlight these
changes as our most important recommendations, given that they are consistent with the
notion that inequalities are interconnected. They address the power imbalance between the
consumer and minority service employee discussed in critical theory and work even in the

case where lower tips are driven by internalized racism (Johnson, 2001; Pyke, 2010).

Further, until wider systematic changes as per above can be actioned, or in the
absence of leadership that is unwilling to take such actions, we seek to empower minority
service workers by highlighting work conditions under which they can avoid biases that
affect tips. For minority service workers who have positive customer ratings, it is
recommended to engage in shorter service interactions to maximize tips where possible, such
as inner-city rides. In service encounters that do not feature customer ratings, however,

minority service workers may be better off signing up for extended customer interactions
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such as a trip from the airport. As mentioned earlier, extending service encounters with
individual customers would alter the number of customers attended to in a shift rather than
extending total shift hours, thus ensuring that positive well-being benefits ensue. Service
workers can not only flexibly accept or reject service tasks in crowdsourcing platforms but
also cherry-pick between competitor platforms, for instance by switching from Uber to Lyft.
Thus, the present findings enable service workers to control the work environment in a way
that maximizes their tips.

Finally, we raise general awareness and provide insights on racial biases which we
hope may also affect consumers to reflect on potential biases when it comes to tipping and

rating service workers from a minority race.

Limitations and future research

While racial bias against African Americans is critical in the current socio-political
climate, it would also be pertinent to investigate different demographic, cultural, and
contextual settings. For instance, future research may consider Muslim minorities in Europe
as service providers given the stigmatization of this group (Ahmed, 2010) or occupation-
based stereotypes such as prejudices about female drivers. A second limitation is that the
presented study was conducted using an online panel (i.e. Amazon Mechanical Turk) rather
than in a field setting with actual customers. While we believe in the value of a field-based
replication, it is important to acknowledge the ethical and psychological ramifications of
recruiting service providers for a study on racism, where employees are the target of such
racism.

Our findings also open the door for further research in exploring other mitigating

factors, such as other distinctions of direct experience (e.g. positive versus negative) and
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indirect experience (e.g. textual vs pictorial ratings). Alternatively, one could look into other
characteristics of the service itself (e.g. people processing services such as drivers versus
possession processing services such as gardening) or of the service provider (e.g. perceived
level of acculturation). Furthermore, while our findings lead to the promotion of customer
ratings under certain conditions, future research should validate whether the ratings received
are tainted by discrimination to begin with (i.e. African-Americans are more likely to receive
negative reviews) (Eidelson and Bloomberg, 2020). This future research avenue may in fact
would provide some relevant insights into when and how our recommendations should be
implemented. Finally, scholars interested in the services domain of tipping behavior could
investigate how our suggestions to alternate tipping practices (e.g. setting a given tip

percentage or pooling tips) affect customers’ willingness to tip in the first instance.
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Table 1.

Predictions for tip amount by race for level of direct and indirect experience
(based on consumers’ expectations and perceived performance for African-American service workers)

Direct experience

Indirect experience

Limited Extensive

None Existing literature: Higher tips for Scenario 1: Higher tips for African-
Caucasians (Ayres et al., 2005; Lynn et al., 2010) Americans (H1)
Expectations of African-American service Expectations of African-American service
workers based on implicit racial bias (negative) | workers based on implicit racial bias (negative)
Perceived performance based on implicit racial Perceived performance based on direct
bias (negative) experience (positive)

Present | Negative | Scenario 2: Higher tips for Caucasians (H2a) | Scenario 3: Tips not different between races

Expectations of African-American service
workers based on implicit racial bias (negative)
Perceived performance based on indirect
experience (negative)

(H3)

Expectations of African-American service
workers influenced by indirect experience
(negative)

Perceived performance influenced by direct
experience (neutral - negative)

Positive

Scenario 2: Higher tips for African-
Americans (H2b)

Expectations of African-American service
workers based on implicit racial bias (negative)
Perceived performance based on indirect
experience (positive)

Scenario 3: Tips not different between races
(H3)

Expectations of African-American service
workers influenced by indirect experience
(neutral - positive)

Perceived performance influenced by indirect
experience (neutral - positive)
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Table 11: Moderated Moderation results

Model summary

R | MSE F df

0.05| 2.7 | 1.64* | 11,348

Model

Unstandardized p

Coefficient

(Standard Error)
Constant 4.50 (0.30) <0.01
Race -0.57 (0.44) 0.1%
Direct experience (extensive) -0.60 (0.43) 0.12
Race x direct experience (extensive) 1.39 (0.62) 0.12
Negative indirect experience (negative customer rating) -0.67 (0.43) 0.14
Positive indirect experience (positive customer rating) -0.67 (0.43) <0.01™
Race x negative indirect experience (negative customer rating) 0.92 (0.62) 0.16
Race x positive indirect experience (positive customer rating) 1.84 (0.61) 0.03"
Direct experience (extensive) x negative indirect experience (negative 0.97 (0.60) 0.10
customer rating)
Direct experience (extensive) x positive indirect experience (positive 0.94 (0.60) 0.12
customer rating)
Race x Direct experience (extensive) x negative indirect experience -1.94 (0.87) 0.03"
(negative customer rating)
Race x Direct experience (extensive) x positive indirect experience (positive -2.39 (0.86) 0.01™

customer rating)

Predictor = tip amount.

Note: The numbers in parentheses are standard errors. # = One-tail test is applied where predicted effect is directional .

Significance: **p< .01, *p<.05

Panel A: Test of conditional race x direct experience (extensive) interaction at values of indirect

experience (customer rating)

Indirect experience (customer rating) | Effect F df p

None 1.39 5.05 | 1,348 0.01*
Negative -0.56 0.83 1, 348 0.36
Positive -1.01 2.85 1, 348 0.09

# = one-tail test. Significance: **p< .01, *p<.05

Panel B: Test of conditional race x indirect experience (customer rating) interaction at values of direct

experience (trip length)

Direct experience (trip length) F df p
Limited 452 | (2,348) | 0.01*
Extensive 141 | (2,348) | 0.25

# = one-tail test. Significance: **p< .01, *p<.05
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Panel C: Conditional effects of race at values of direct experience (trip length) and indirect experience

(customer ratings)

Direct experience (trip length) Indirect experience Effect se t p
(customer rating)

Limited None -0.57* 0.44 -1.31 0.1%
Limited Negative 0.35 0.44 0.80 0.43
Limited Positive 1.27 0.43 296 |<0.01™
Extensive None 0.81% 0.44 1.87 | 0.03*
Extensive Negative -0.21 0.43 -0.49 0.63
Extensive Positive 0.26 0.41 0.63 0.53

# = one-tail test. Significance: **p< .01, *p<.05
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Figure 1: Graphical representation of results
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Figure 2: Mean comparison of tip amount by race across levels of direct and indirect experience
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Appendix: Example of stimuli

Imagine you need to travel to a friend's house. You book an Uber.
The trip to your friend's house will be a short [long] ride and take
approximately 4 minutes [60 minutes]

A driver named Dave, is available.

The Uber app shows a picture of your driver "Dave."!

It tells you that he is a driver with a 5 star [3 star] rating (out of 5 stars)?

-
Al

Dave drives a Toyota Prius and arrives in expected time.

You book the ride with Dave.

Dave gets out of the car and opens the back passenger door for you.

You explain that you would prefer to sit at the front.

Dave does not comment. You open the front passenger door and take a seat.

Dave confirms your destination. You both now drive off.

He asks you about your day to which you respond that you are tired.

Nevertheless, he makes friendly small talk.

You tell Dave that you and your friend are looking for a pizza restaurant for dinner
tonight. Dave tells you he lives locally and suggests Mario's Pizzeria.

Dave stays at the speed limit for the entire journey.

As you approach your destination, after a short 4 [long 60] minute ride, you thank Dave for

his services. He wishes you a good day and you exit the car.

! Respondents were randomly assigned to one version of Dave i.e. only received one of the above photos

2 The no customer rating conditions did not feature the line about stars or star images
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